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Gender

All loans
Bads / All paid-offs
= 31,964 / 200,181

= 16.0%

Type of loan

New
Bads / All paid-offs
= 14,670 / 76,182

= 19.3%

Renewals
Bads / All paid-offs
= 17,294 / 123,999

= 13.9%

Women
Bads / All paid-offs
= 9,354 / 52,395

= 17.9%

Men
Bads / All paid-offs

= 5,316 / 23,787
= 22.3%

Women
Bads / All paid-offs
= 11,426 / 89,246

= 12.8%

Men
Bads / All paid-offs

= 5,868 / 34,753
= 16.9%

Gender

��	����
��	�	"���
	����	�������

%

,A�.B -,�0B ,.�,B ,A�CB
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19991992-1998Telephone o#

% bad% port.CasesBads% bad% port.CasesBadspast arrearsCollateralGenderTypeClass
29.78.65,8801,74821.98.111,5202,519TelephonePersonalWomanNew1
28.90.32326726.10.336896No telephone2
13.815.010,3321,42912.814.620,6732,647TelephoneOther3
25.70.751013121.00.81,200252No telephone4
34.04.02,76394025.04.56,3621,592TelephonePersonalMan5
37.50.21445428.00.3372104No telephone6
17.15.84,00368317.76.38,9781,585TelephoneOther7
29.90.42447324.50.5648159No telephone8
17.33.12,1563749.53.85,4485170 daysPersonalWomanRenew9
20.14.73,21364519.15.47,6001,453up to 2 days10
29.74.53,07891436.72.63,6211,329>2 days11
7.713.19,0216954.915.421,7891,0760 daysOther12
10.214.19,72198911.713.819,5422,279up to 2 days13
18.97.95,4581,03126.65.07,1531,906>2 days14
23.71.38712069.71.82,5522470 daysPersonalMan15
26.32.01,35635623.12.63,724862up to 2 days16
33.42.31,57052542.71.31,902813>2 days17
10.33.92,7022795.95.47,6144520 daysOther18
13.34.63,13541714.95.57,7291,150up to 2 days19
23.43.42,35655131.72.12,964941>2 days20

Source: Computed by Schreiner with data from WWB/Colombia
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Credit committee acts on provisional approval according to predicted risk and four-threshold scoring policy:

Reject

Reject

Pass data

Applicant submits application

Loan officer makes traditional
visit and evaluation

Key-punch data and
compute risk forecast

Credit committee makes
traditional evaluation

Pass predicted risk

Rejection

Super-good
Approve and reward

Normal
Approve as-is

Borderline
Review and modify

Super-bad
Reject

Provisionally approve

Lender checks application
against initial screen

0% risk 100% risk

Super-
good

Super-
badNormal Borderline

Pass

Pass

Reject
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Super-goods: 8.8% portfolio,
0.05 bads per 1 good

Normals: 44.6% portfolio,
0.2 bads per 1 good

Borderlines: 34.1% portfolio,
0.6 bads per 1 good

Super-bads: 13.4% portfolio,
1.4 bads per 1 good
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List : 30 worstLoans : out. >270 daysRisk : 1 spell >=30 daysBranch : AllReport date : 31/07/2001

Realized risk
PredictedLongestDays late/#CurrentNextMonthly$DaysLoan
risk (%)Bad?spellinstallmentspellsarrearsduepaymentout.out.Client nameCode

90Bad7742.522303-Aug832,106308Javela, María79922
81Bad3621.13029-Aug711,860334Posada, María50973
80Good2514.83229-Aug1321,323336Arboleda, Nivelly71596
80Bad4214.83029-Aug481,032304Beltrán, Dioselina80816
72Good2822.71002-Aug3165,683337Nuñez, Dolly62037
71Bad10145.53029-Aug22377304Cruz, Leonor45638
68Bad3922.222329-Aug39603304Rivera, Antonia64823
62Good2514.54002-Aug2835,763337Marín, Graciela61653
60Bad6725.73029-Aug1112,003304Muñoz, Marco78800
59Bad8636.028629-Aug29388304Silva, Oswaldo24893
59Bad5824.745803-Aug1256308Ruíz, Asia65323
59Good1811.92029-Aug51188334Cardona, Graciela59506
58Good20.31011-Aug79014,638285Tejada, María54093
58Good156.12018-Aug70630293Castillo, Rosa71243
58Good20.41013-Aug39143348Tavárez, María22692
58Good2211.11029-Aug4177334Marroquín, Libia99155
57Bad19182.7219129-Aug50470334Rivera, Melida18634
56Bad5425.832329-Aug27331304Marulanda, Pablo74810
55Good145.54021-Aug53323356Valencia, Claudia20410
55Good20.51003-Aug40275335Suárez, Yolanda60737
55Good207.74003-Aug1061,275308Marín, Jorge85854
54Bad9352.028618-Aug19251292Lozano, Nevalia42074
54Good154.42013-Aug1362,449318Berrios, Fanny30986
54Good124.53001-Aug2916,049306Gomez, Diofanor31208
54Good147.01014-Aug38259319Calderón, Editha89020
53Bad13161.62001-Aug42332306Marulanda, María8408
52Good30.91005-Aug46383279Castillo, Brunilda36244
52Bad3915.52029-Aug46570334Ortíz, Nubia5699
52Bad3612.633607-Aug17100281Montoya, Javier7719
51Bad17768.9417729-Aug50381304Moreno, Peregrino40373
6150                Ave. risk:Source: Regression scorecard and data base of Latin American microlender.



Page 23 of  24, Mark Schreiner

P�
����
�+
�	�	�
���$
���	�/"
	�.0
List : 30 bestLoans : out. >270 daysRisk : 1 spell >=30 daysBranch : AllReport date : 01/12/01

Realized risk
PredictedLongestDays late/#CurrentNextMonthly$DaysLoan
risk (%)Bad?spellinstallmentspellsarrearsduepaymentout.out.Client nameCode

0.5Good00.00018-Aug6059292Valencia, Lucero62225
0.5Good10.11001-Aug2673305Betancourt, José38388
0.5Good00.00005-Aug3635279Valencia, Juan88687
0.5Good00.00007-Aug38289281Fernández, Zorrilla94799
0.5Good00.00016-Aug36102290Sánchez, Hernán8154
0.5Good137.01011-Aug32117316Escobar, Patricia38563
0.6Good00.00017-Aug36102322Echandia, Henry27819
0.6Good10.11011-Aug103289285Jaramillo, Ema21502
0.6Good00.00020-Aug3187295Guevara, César71907
0.6Good50.81001-Aug167768336Paz, María49562
0.6Good00.00010-Aug3635284Escobar, Mónica93142
0.7Good00.00013-Aug2673287Palomino, Fe11221
0.7Good00.00003-Aug38289308Garcia, Alberto88301
0.7Good51.01002-Aug41116305Arce, Eduardo77258
0.7Good10.11013-Aug77147318Contreras, Elena1582
0.7Good51.41018-Aug65293323Sánchez, Gonzalo79476
0.7Good00.00020-Aug3635295Lopez, Flor985
0.7Good00.00006-Aug46347280Torres, María85657
0.7Good204.01018-Aug2673293Chacón, Emilsa16697
0.7Good00.00021-Aug55153356Gutierrez, Lucila53165
0.7Good10.11017-Aug86460291López, Alejandro80399
0.7Good00.00018-Aug3668323Castaño, Alvaro32949
0.7Good00.00013-Aug78219287Duque, Lucia94131
0.7Good10.11019-Aug7976294Polanco, Gerardo28050
0.7Good00.00014-Aug103101349Fajardo, Carmen30709
0.7Good00.00013-Aug2673287Aristiza, Morena54730
0.7Good00.00009-Aug45168314Ceballos, Luís18377
0.8Good00.00018-Aug4178323Escobar, José28881
0.8Good00.00009-Aug86461283Muñoz, Edisón34129
0.8Good10.21006-Aug5150341Tabarez, Jesús74078
0.60.0                Ave. risk:Source: Regression scorecard and data base of Latin American microlender.
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